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Motivation: Datasets and Study Areas:
Some mechanisms, such as the REDD+, Name Country Scene Identifier Acquisition Date Satellite Classes No. Bands No. Pixels
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Hyper-Features:
The hyper-features used In this work are él
mathematical expressions that combine satellite % 0
bands into more informative values. The indices \ e’ T 2
used in Remote Sensing are particular cases of \1"* =
hyper-features. ‘
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Multiclass Classification in Angola ( Scene 182/64 from 18/06/2016 ).
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* Original Features: The datasets contain only
the original features;

The image on the left was obtained using the satellite bands 2 (Blue), 3 (Green) and 4 (Red).

* Original Features and Indices: The datasets
contain the original features and the NDVI,
NDWI and NBR indices;

* Original Features and Hyper-Features:. The
datasets contain the original features and
created hyper-features.

Conclusions and Future Work:

The hyper-features used In this work improved the performance of several classification algorithms In
multiclass classification datasets obtained by compiling satellite images with different acquisition dates. This
Implies that the hyper-features can be useful when dealing with radiometric noise between images. This work
will be extended to regression problems, such as the prediction of biomass in satellite images.
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